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ABSTRACT

Machine-learning is gaining momentum as an artificial
intelligence (AI) technology. There has been a recent
upsurge in text-based conversational interfaces such
as Facebook’s Messenger, IBM’s Watson and SAP’s
Recast.AL This type of computer programme is called
a chatbot, which is the focus of this study. In this
paper, the non-customer-oriented applications of
chatbots and the evolution of professional practices of
technical writers were investigated. The main
research question is ‘“will chatbots impact the
technical communication industry in the middle term,
and in what ways?”. We mainly used a SNCF case
and a comprehensive comparison of job offers to
illustrate our claim. As the authors expected, chatbots
will not replace technical writers but will, instead,
oversee the birth of a broad range of sought-after,
more specialized jobs at the interface between
computer science and technical communication.
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1. INTRODUCTION

In France, the first three months of 2018 were all
about Artificial Intelligence (AI). Eventually the
mediatic buzz quietened a little, leaving space for a
more balanced approach to the issue of how Artificial
Intelligence would transform (or wouldn’t) our
societies: will it take away our jobs? Will robots end
up dominating our world? As graduating students in
technical communication at the University Paris 7 -
Denis Diderot, we were both curious to examine the
relationship, if any, between Al and our profession

! The mediatic coverage coincided with the
European Commission’s outline for a common policy
concerning Artificial Intelligence, issued in April
2018.

and excited by the novelty of the topic. So we decided
to focus on how these new technologies would
transform technical communication over the medium
term.

The first phase of our research project consisted of
finding a pragmatic approach to the topic of Artificial
Intelligence. To be genuinely critical, we had to stand
somewhere between the rather paranoid "replacement
theory” ("the robots will replace us") and an excessive
optimism ("Old jobs will disappear, new ones will
emerge "). Quite a challenge in itself, given the
context in which we had begun our research. Our
second greatest challenge was to define "Artificial
Intelligence”. TA had it all: mediatic coverage, the
attention of the general public and politicians — a
place in the sun, so to speak. In contrast, we, technical
communicators, were in the dark. The more we dug
into the topic, the less we understood about Al and
what were its possible applications in technical
communication.

Every year, however, technical communication has
its own moment of glory: the annual CDMM
conference at Paris 7! It is held the first week after the
winter break?. The topic we presented -“Technical
writing in an AI World”- caused a rather passionate
discussion about IA and the future of technical
communication. We realized just how much our
incipient research resonated in the profession. We
became aware, as researchers and professional
technical communicators, that, in order to reach some
understanding of what is really at stake, we would
have to dig deeper.

The second phase of our research project
consisted of defining our methodology. Firstly, we
decided to use case studies to illustrate our approach.
Secondly, we decided to focus on chatbot
technologies, and their use for the technical
communicator.

%2 See the 6th International Conference on technical
communication: Life-long Learning (2018) and our
presentation here.
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Now: technical communication rarely gets
mentioned when it comes to chatbots. As we were
making some progress in our research, we realized we
would never be able to define once and for all what
Artificial Intelligence actually is: a technology, a
machine, a silicone brain for robots? To say the least,
we felt we were trapped in an uncomfortable position.
On the one hand, we had to assume a certain degree
of opacity at the very heart of our project. On the
other hand, we were quite thrilled at the challenge.
Instead of being discouraged by the indistinct
concepts we were handling, we decided to explore
more concrete aspects of the question, rather than
theoretical and ethical ones. We believed these case
studies would be more convincing than a classic
academic paper.

According to Fagella (2017) there is no set
definition of “Artificial Intelligence”. Villani (2018)
also observes that “Defining artificial intelligence is
no easy matter”. Most experts, from all academic and
industrial fields, agree that the difficulty comes from
the fact that “intelligence” is hard to define to begin
with. Nevertheless there is one definitional
proposition we have decided to work on to build our
focus, as it seems relevant to technical
communication:

Artificial intelligence is an entity (or collective set of
cooperative entities), able to receive inputs from the
environment, interpret and learn from such inputs, and
exhibit related and flexible behaviors and actions that help
the entity achieve a particular goal or objective over a
period of time. (Fagella, 2017)

Of course, applied to technical communication,
this definition would read:

In technical communication, chatbots are technologies
that are able to receive inputs from the user, interpret and
assist such inputs, and exhibit related and flexible
behaviours and actions that help the user achieve a
particular goal or objective over a period of time.

Our aim is to argue that chatbots assist technical
communicators more than they “replace” them.
However, writing for an Al is not the same as writing
for humans. Our claim, therefore, is that technical
communicators have to develop new skills as well as
adapt their writing, for chatbots to perform their task.

Firstly, we argue that the story of how chatbots
assist technical communicators is only beginning. Our
claim is that technical communicators ought to
develop a more specialized set of skills to interact with
chatbots.

Secondly, our aim is to examine what kind of
profile chatbot programmers have. We analyzed

several such job offers published online and compared
them to the skill set of a Technical Communicator.

2. TECHNICAL COMMUNICATION

Technical communication is only one among many
trades in the writing spectrum. Other jobs concerned
are: bloggers, journalists, reporters, scientists,
researchers and analysts, and many more.

Technical writers are needed as long as chatbots
need documentation to work. So there will always be
technical writers upstream. Precision is a problem too:
conventional vector-based approaches currently used
in NLP are not fine-grained enough and deliver too
many unrelevant responses. Deep learning based NLP
tools are reduced to analyse samples of big corpora.
But there are new theories coming up that promise to
address those limitations (De Sousa Webber, 2015).
Even so, products that entails specific criticality risks,
such in the energy, weapon and transportation
industries, to name but a few, still require human
intervention.

And as precision is so critical to technical
communication, known problems such as lexical
disambiguation and dependency on massive
computing power and big corpora, and, beyond just
linguistics, the lack of knowledge relevant to the
conversation, impede content automation from being
part of that equation.

Technical communicators are professional writers.
Because of its blurred and permeable boundaries,
there are no easy, ready-made definitions of what
technical communication is. It is possible, however, to
explain in simple terms what technical
communicators do: they generate documentation,
print-based and/or web-based, user oriented, to help
users perform a task. Sometimes, machines or CAP
(Computer Assisted Publishing) softwares assist
them. Many writing tasks can be automatized.
Technically, automatization makes writing easier and
quicker.

In echo to the mediatic buzz we mentioned earlier
on, however, Mark Linklater explains why content
writers shouldn’t fear robots:

While most marketers will sleep easy at night, safe in
the knowledge that Al is some way off mimicking the
human ability for creative thinking, planning and
strategizing — marketing professionals rank 223, and
marketing directors 347 on the list, out of 365 job titles -
there is one group that may have cause for concern: content
writers.

Needless to say, any self-respecting content writer
wouldn’t label themselves as mere ‘typists’ or ‘keyboard
related workers’ - great content relies on imagimation,



research and skill. However, there’s clearly some overlap,
and with that particular subset of professionals facing a
98.5% risk of automation, the alarm bells could be ringing,
especially with automated writing software on the rise.

Linklater experimented automated writing using a
free trial of “Article Forge”. The advantages of
automated writing is that content is produced quickly
and barely any cost. But what about quality? After
quoting some excerpts he deemed unconvincing,
“incoherent, not entirely unique” Linklater argues
that, deprived of any flair and passion, the automated
piece “reads as if it’s been written by a robot.”
Furthermore, it is void of “any citation links to
further reading, which is essential if you want to
substantiate claims and add value for your audience
(while also enhancing SEO).” Finally, he concludes
that, as “Time is money” and “quality writing takes
time”, it is less costly on the long run to publish
quality writing than opt for the $47 monthly
subscription.

Advocating quality content writing is not standing
in the way of modernization. In answer to a question
asked by a BBC report, “Will a robot take our job”,
we claim that professional writers still have a bright
future ahead. We will now look at how the necessity
of processing huge quantities of digital data makes
professional content writing all the more difficult. Are
technical communicators pure content writers? Or is
technical communication the most automated form of
professional writing?

Ben Dickson (2017) explains why professional
writing is such a hard job: the mass of information
available on the web and the proportionally short
amount of time available for a “human intelligence” -
that is, a professional writer- to digest it. In contrast,
in the medical sector, Nirpal Virdee (2017) observes
that:

Unlike humans, Al can process huge amounts of data,
find and manipulate valuable information. It can
interpret  contextual information and use natural
language processing to combine phrases and statements to
understand user’s commands or self-interpreted decision
trees. This ability combined with business and writing
rules enables Al tech to generate drafi regulatory writing
documents.

In the academic field, for example, more and more
research labs take interest in developing big data
analyzers applied to research purposes, automatizing
tasks like creating and analyzing bibliographical
corpora. The CNRS has developed a scientometric
platform called “Gargantext” to help researchers

analyze bibliographical corpora®. For now, though,
Artificial Intelligence is dumb: it has to be told what to
do and cannot take decisions it has not been
programmed (by humans) to make. In other words,
the intelligent work is still being done by humans*. Al
however, is a quick learner and it learns from the data
users (that is, us humans) leave on the web. In this
sense, Erik Brynjolfsson and Andrew McAfee (2017)
argue that “the most important general-purpose
technology of our era is Artificial Intelligence,
particularly machine learning - that is, the machine’s
ability to keep improving its performance without
humans having to explain exactly how to accomplish
all the tasks it’s given”.

Leaving the academic and scientifics fields, in the
next sections we’ll examine practical uses of Artificial
Intelligence in technical communication. To narrow
down our study, we’ll analyze, generally speaking,
how chatbots are being used practically in technical
communication.

3. CHATBOTS

Chatbots, or “conversational agents” as they are
also called, are Al-driven computer programs that
have been designed to simulate natural-language
conversations. While they are still very much in their
coming of age, chatbots have been around since the
releases of ELIZA in 1966 and PARRY in 1972
(Epstein, 2001), NLP computer programs which
assumed the roles of psychiatrist and patient
respectively.

3.1 Taxonomy

Up to now, there are two main types of chatbots
(Rakshit er al., 2017)>: retrieval-based chatbots and
generative chatbots. The first type is of those that
function on pre-developed sets of rules (the basic
form of chatbots), and are, thus, limited in their ability
to interact with users: they can only respond to very
specific commands or questions and are unable to

3 As Forccast’s Documentation specialist, Salomé
Foehn wrote the Gargantext User Guide. Forccast
and the CNRS are partners for the Gargantext
project.

* However, according to Ben Dickson, Microsoft
Office’s Editor “can understand different nuances in
your prose much better than code-and-logic tools do”
and “has been well received by professional writers
[...], though it’s still far from perfect”. IA is getting
more intelligent.

> Rakshit, Geetanjali, et al. "Debbie, the debate bot
of the future.” arXiv preprint arXiv:1709.03167 (2017).



understand a question that is not phrased within the
predefined set of rules. The second type is of those
that are more advanced and function using machine
learning, thus not relying as much on human
intervention. Those bots learn from their interactions
with humans, as they -while up for debate-
“understand” human language and not just mere
commands. The more available and extensive the data
is, the more accurate the answers.

3.2 Implementation of chatbots

According to a market study (MindBowser in
association with “Chatbots Journal”, 2017), e-
commerce, insurance, healthcare, retail and
hospitality sectors -in descending order- are the
industries that currently benefit the most from
chatbots.

When it comes to technical communication, it is
the retrieval-based, type of bots that is now used
widely. Recent, customer-oriented chatbots of the
likes of Apple’s Siri or even Amazon’s Alexa can
interpret and carry out requests and complex ones,
such as conversing with a user, booking flights or
trains, scheduling a meeting, guiding users in his
online purchases and even giving them
recommendations based on past purchases.

There are also some other bots, called HR
Chatbots which help new employees fill out
paperwork via a team communication app. The new
employees can also have there access to intern
communication, learn about new projects, have access
to the company’s history, or even help employees
clock in and clock out.

While most research has centered on the added
value of chatbots in customer relation management
(Favre et al., 2017), it would appear that the most
concrete applications and the most visible results will
be reflected in chatbots for the operational staff.

3.3 Chatbots in France

In France, companies are also starting to use
chatbots for example on their Facebook pages or
company websites such as Voyages-SNCF, France
Info’s bot, Camille and Allianz. Another example of
an implementation of chatbots is Julie Desk. Julie
Desk is a French chatbot that can schedule
appointements via emails, interact with various
parties, prioritize meeting requests and reserve rooms
for meetings. Julie Desk has been recognized
throughout the HR and digital transformation sector.
The conversational agent is in fact so efficient that
some corporate users believed Julie was human.

Nonetheless, Julie Desk is supervised by a human
operator in all of its actions.

3.4 Chatbot Design

Chatbots rely on Natural Language Processing
(NLP) and/or Machine Learning (ML) technologies
to interpret the user input and provide answers as
closely as a human being would do. This is achieved
by breaking sentences into two components: intent
(the theme) and entity.

It does so in the following way:
o Entities: what the user is talking about.
e Intents: what the user is asking.

e The chatbot then processes the semantics of
the content and identifies entities and intents
to determine the branching conversation flow
(“dialog”) that is best adapted to the user
input (see Figure 1).
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Figure 1. Intent and Entity generation.

And as far as Machine Learning is concerned, the
systems use a body of content (or corpus) to find the
correct answer. But for this to work correctly, the bots
should have massive repositories, including open-
source repositories. The corpus makes use of
algorithms to manipulate data and linguistic patterns
to find the information it is looking for. The bot learns
from its interaction with the user and tries to improve
its responses.

This is where, the Technical Communicator has a
very big part to play. technical communicators gathers
information and assembles it into one corpus, and also
sets up massive repositories. technical communicators
structures information, as structured content will help
the bot find its answers quicker and with more
efficiency. An unstructured content will take a great
deal of the bot’s time, whereas a structured content
can reduce the time and the effort as it can be reused.

Thus, according to Pratt (2017), Ilieva and
Mitovait (2017), Magers (2018), Cherryleaf (2018),
EMA (2018), won’t be surprising if, on the long run,
the Technical Communicator can be assigned the
work of structuring content and processing corpus
destined to chatbots and AL



Same as structured content, could reshape
chatbot-using companies’ expectations.

It is ultimately to explore the possibility of
changing practices in technical writing in a fast-
changing environment under the impact of the first
incarnation of artificial intelligence.

3.5 Context Management

3.5.1 Potential uses

Chatbots can gather scattered pieces of
information by asking questions about the user’s goal,
location and profile data to satisfy the user’s intent.
Based on the answers chatbots get, they can provide
users with advice and guidance through procedures,
as this mockup conversation between a chatbot and a
maintenance engineer illustrates:

<Chatbot> HiJohn! How can I help you today?

<John> Do I need to set the pressure buttons

before performing a leak test?

<Chatbot> Are you in a maintenance workshop
(MW) or an industrial workshop (IW)?

<John> MW

<Chatbot> The setting of pressure buttons in
maintenance workshops is forbidden.
Should I display the entire leak test
procedure for pressure buttons after
repair?

<John>  Show me only the steps that are

different from the standard procedure

<Chatbot> Here you go:

In this maintenance conversation, the chatbot
restrains the information it delivers to the user’s
situation, in this case a maintenance worker, John.
Only the necessary instructions are communicated to
John. John, in this limited framework, can, in turn,
opt for limiting even more the information he
receives: “Show me only...”; gaining in efficiency
and productivity. Resorting to a chatbot avoids
wasting time in consulting back-and-forth long
operating guides that make intensive use of cross-
references.

3.5.2 Limitations

One of the harder problems chatbot writers face is
how to maintain the context of conversation. At
phrase level.

Despite how simple open-ended chatbots
currently are, many companies have rushed into this

adventure and wasted money, energy and time in the
process. A study by the cofounders of French bot
developer platform company Botfuel found that out of
100,000 chatbots that have been developed using
Facebook’s Messenger, 90% are now unused. The
reasons stem from the fact chatbots do not withstand
sentences with multiple intents and too complex
syntaxes, sentences that are loaded with information,
or requests that outreach its scope, to the point where
chatbots quickly demonstrated their limits by
repeating themselves. Failure to understand natural
language and context thus restricts content models to
document-based, structured contents instead of the
expectations of seamless conversations from
untrained, unstructured data mining, spawned by
machine learning pundits and media outlets in the
recent years.

Along with the context data collected with past
exchanges with the users, chatbots can process the
amount of data into procedures that provide them a
way to attain its goal.

Therefore, to bring out the best of chatbots,
chatbot interaction training should be adopted by any
company seeking to enhance its personnel interaction
and to reduce operating costs.

3.6 Chatbot Writer

A different yet complementary role to the
experienced machine learning engineers and NLP
specialists is that of “chatbot writer” (sometimes
known as “conversation designer”). As we shall see,
this fairly new profession falls increasingly to UX
designers and technical writers due to the need for
similar expertise in building chatbot conversation
flows.

First of all, we examined the number of hits
Google’s search engine provides for the most
common chatbots-related job titles, and presented the
data as a bar chart (see Figure 2).
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Figure 2. Google.com occurrences for chatbot-related job
titles (x1000)

Figure 2 represents the number of Google.com
occurrences (x1000) for each of the chatbot-related
job titles we came across during our research. The
regular expressions we entered on the Google.com
search bar to collect those figures all follow the same
simple pattern:

[“X” job]
(with X being the job title)

What stands out first is that the occupation of
chatbots writer, lying between linguistics, technical
communication and computer science, has been
labelled in many other ways, each one seemingly
highlighting a  different  perspective®:  “Al
copywriter”, “conversational copywriter”, “chatbot
master”, “Alinteraction designer”, etc.

Thus, according to Figure 2, one observes a
prevalence of 338.3% of job titles that contain the word
“conversation” (15,150) over “chatbot” (4,478).
Conversely, the results for “designer” (13,290) and
“(copy)writer” (12,018) are comparable: 10.6%. The
reason: they mimics the large chatbots companies:
Google, Amazon, Microsoft, Facebook.

3.7 Privacy issues

In the coming years, the challenge for seamless
customer-oriented chatbots is to strive in a context of
data protection regulation and increase of awareness,

¢ Currently, there is no trade standard nor
authoritative entity or job title normalisation. We assume
it depends on the nature of the position and the chatbot
team’s requirements.

especially with Japan and the European Union leading
legislation in the West and the East with PPC and
GDPR respectively. Other countries like the USA,
India and China show a certain degree of reluctance to
engage in policy discussion, and adopt a self-
regulation stance in respect to online privacy rules.
The latter countries are destined to lead the chatbots
market in the middle to long term, particulary
considering that there is no possible viable generative
chatbot without personal data.

4. METHODS & RESULTS

For this research, we used a mixed methodology.
First we sent out a perception survey specific for
SNCF employees on their perceived level of
familiarity with chatbots. Subsequently, we sought to
build technical writer and chatbot writer standard
profiles from online job offers in order to understand
what are the skills required today in chatbot
development.

4.1 Perception survey

Chatbots developers and information industry
professionals seem overly optimistic about the
suitability of chatbots to solve real problems and about
the willingness of users to adopt such solutions. That
is why we ran a perception survey in the first instance
in order to have a better picture of how users perceive
those new technologies.

The survey consists of 7 single-answer questions
displayed online on Google Form:

Do you know what a chatbot is?

Have you interacted with a chatbot in the past?
If so, what did you like about it?

Did you find it helpful?

Which of the following Internet-connected devices
do you spend the most time on?

Lu A BN

6. If a chatbot capable of assisting you in your work
came to exist, would you use it?

7. Are you concerned with the issue of protection of
personal data?

The survey was submitted to the Yammer group -
a Microsoft-owned professional social network- of
French national railway company SNCF, between
July, 3¢ and July, 7 of 2018. 77.139 members were
registered to the SNCF Yammer group at the time of
this study.

Demographics: 18-57 years, male and female.
20.3% females only (Onisep, 2015). The respondents
live in France.



The sample size of the survey is very small: 21
respondents out of 77.139 members (0,027 %
participation rate), so data is likely to represent
incorrectly the behavior and preference of users.

The set of charts is compiled in Appendix A.

The fact that there were few participants and that
the results were unfavourable indicates that, overall,
while they may have already interacted with them,
users are unfamiliar with chatbots. Moreover, this
lack of awareness can be explained by a limited time of
exposure due to a certain saturation of post activities.

The ideal approach would have been to conduct a
full-fledge, but this approach is beyond our means.

Questions X, Y are not directly linked to our
research question, however they are still important for
chatbots in general. Lack of awareness, privacy issues
and perceived lack of reliability are anticipated to
restrain the growth of chatbots.

4.2 Standard profiles

Subsequently, we have summarized the
requirements from 30 existing Chatbot Writer’ job
offers and 30 technical writers job offers. We
aggregated the skills and background requirements for
each batch of samples, each of which can be broken
down into three chunks distributed by geographic
regions: 10 in North America, 10 in Western Europe
and another 10 in India and East Asia to reflect as
wide a diversity of writer profiles.

We have regrouped the data we have collected in
Appendix B.

=== Chatbot Writer =~ === Technical Writer

Communicati

on skills
20
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Programming
Arts degree 0 \ skills
Science = Translation
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Creative
writing skills

Figure 3. The skill requirements most frequently identified
by employers

7 Full-stack engineers and developers profiles were
excluded from analysis.

Contrary to what could have been expected, the
most sought requirement by recruiters in a chatbot
writer is the “communication and interpersonal
skills”.

4.3 Wages

No less importantly, wages are a matter of
consideration when discussing the outlook of new
professions. For that purpose, we compared the
median salary of chatbot writers and that of technical
writers as measured by the US Bureau of Labor
Statistics using 2017 data. We based our analysis on
US figures as they are more readily available. Median
salaries were favored over average wage as the former
is less influenced by extreme values contrary to the
latter, thus ensuring better representation of the
character examined.

Table 3. US technical writer Wage

Percentile 10% 25% 50% 75% 90%
HourlZ 20.39 | 26.34 | 34.10 | 43.77 | 54.71
Wage
Annual
Wager | 42:410[54780|70,930/91,050/ 113,810

*In USD.

According to the US Bureau of Labor Statistics’
national estimates for this occupation, US technical
writers earn an average $70,930 USD (50% Median
percentile) as of 2017 (see Table 3).

Table 4. US Chatbot Writer Wage

Percentile 10% | 25% 50% 75% 90%

Annual

Wage* 84,17584,707| 85,239 | 85,767| 86,249

*In USD.

Given the low level of data available, annual wages
and percentiles were retrieved based on the
compensation figures of 20 LinkedIn job offers.
Chatbot earn an average $85,239 USD (50% Median
percentile) as of 2017, which is comparatively 20.2%
higher than a US technical writer.

Presently, firms are looking for highly targeted
rare profiles. Following a higher demand than supply,
the job market might push wage inflation, which
seems within reach, according to the CNBC (2017)
which claims that there is a severe shortage of IT and
computer science engineers. Faced with this scarcity,




there could be fragmentation in some chatbot team
structures, with more specialised jobs emerging.

5. DISCUSSION

If chatbot and mobile devices were to become the
norm, structured contents and programming
languages are areas that will require substantial focus,
and most of the jobs related to user manuals and
administrator’s guides will be associated to lower
paid, less attractive side of the market.

Ultimately, it will be driven by changes in
technician and customer behavior.

Chatbots can be programmed in any programming
language: Python, PHP, Java, C#, Objective-C, Swift,
NET, and furthermore, there are already numerous
API, web-hooks and other dedicated frameworks that
support multiple languages. Yet, we observed a great
amount of current chatbot-related job offers that give
advantage to Python and Java languages in
complement with API and Node.js (JavaScript)
library over other languages such as PHP, the former
being more polyvalent, scalable and secure (Neves et
al., 2013) than their web-based rival. This is borne out
by a study conducted by Tom Johnson®, which finds
that Java, JavaScript and Python are the most
common programming languages technical writers
know, with PHP taking 6 place.

The chatbot job market proceeds in three phases:

Experimental phase and technological watch:

. Skill development phase:

3. Sector structuring phase: a distinction is made
between science-leaning and communication-
leaning profiles.

In the 6th CDMM Annual Conference on
technical writing, Laetitia Naly (2018) pointed out
that, according Jakobson’s functions of language
theory, technical writing leaves out a key function: the
poetic function of language®. Interestingly, the job
offers for chatbot writers cite “creative writing” as a
valued practice'®. We believe that this highlights a key
aspect of professional writing, to which Ben Dickson
(2017) indirectly referred: it is based on imagination

N =

8 The author responsible for the I’d Rather Be
Writing blog.

% According to the Oxford English Dictionary, this
function is oriented towards the message or focused
on the message for its own sake (see also message-
oriented communication). It emphasizes the form,
style, or code at least as much as any signified,
content, message, or referential meaning.

10 See appendix #.

and creativity, even in the most extremely strict
technical framework. Its purpose is to create content
of quality, not just reuse pre-existing content.
Artificial Intelligence is incapable of inventing, right?

6. CONCLUSION

Our research has shown that there are no
certainties concerning how chatbots will (or won’t)
impact technical communication. True, none of us
have worked as technical communicators with (or on)
chatbots. Still, we have endeavoured to clarify some
notions and present how professionals writers are
dealing with chatbots today. Given the prospective
nature of our work, we hope that it draws some
guidelines for new technical communicators to follow.

Chatbots will thrive in restricted domains that
abound with easily retrievable data.

Whether chatbots will drive market demand thus
change in technical communication depends on a
handful of obstacles such as the difficulty of
streamlining interactions between computer and
human languages, and . Structured content/writing
is still necessary before Al can truly understand
human language and leverage unstructured contents.

For the reasons set above, and while machine
learning progress may bring some change to technical
writing practices, we infer that technical writers are
still relevant and have "beautiful miles” ahead of
them.
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APPENDIX

A. QUESTIONNAIRE REPLYS

Q1: Do you know what a chatbot is?

No
19%

More or
less
19%

Yes
62%

Q2: Have you interacted with a chatbot
in the past?

| don't
know
18%

Yes
41%

No
41%

Q3: If so, what did you like about it?

Response
time
30%

Precision
and
relevance

Simplicit
0% plicity

of use
70%

ix

Q4: Did you find it helpful?

No
40%

60%

Q5: Which one of the following Internet-
connected devices do you spend the
Tablet | moSttime on? [ ouher

5% 0%

Mobile
52%

Computer
43%

Q6: If a chatbot capable of assisting you
in your work came to exist, would you
use it?

5%

What for?
74%

Q7: Are you concerned with the issue of
protection of personal data?

No
19%

Yes
81%



B. JOB REQUIREMENT COMPARISON

Table 1. Chatbot Writer sought-after skills

Table 2. technical writer sought-after skills

Ne Requirement Occ.
1 | Communication / Interpersonal 17
skills
2 | Programming skills 15
3 | Experience with chatbots / ML 15
4 | Degree in Arts, Linguistics or TC 10
5 | UX/ UI Design 8
6 | Degree in Science & Engineering 6
7 | Creative Writing 6
8 | Attention to detail 5
9 | Translation, editing and 4
proofreading
10 | Knowledge of NLP / NLU 3
Other 163

Ne Requirement Occ.
1 | Communication / Interpersonal 18
skills
2 | Translation, editing and 17
proofreading
3 | Proficiency with MS Office 12
4 | technical writing 10
5 | Degree in Arts, Linguistics or TC 10
6 | Programming skills 9
7 | Creative Writing 6
8 | Degree in Science & Engineering 6
9 | Attention to detail 6
10 | Image editing 3
Other 161




